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Abstract

IMPORTANCE Magnetic resonance imaging (MRI) studies of aging adults have shown substantial
intersubject variability across various brain metrics, and some of this variability is likely attributable to
chronological age being an imprecise measure of age-related change. Accurately quantifying one’s
biological age could allow better quantification of healthy and pathological changes in the
aging brain.

OBJECTIVE To investigate the association of DNA methylation (DNAm)–based biological age with
cortical thickness and to assess whether biological age acceleration compared with chronological age
captures unique variance in cortical thinning.

DESIGN, SETTING, AND PARTICIPANTS This cross-sectional study used high-resolution structural
brain MRI data collected from a sample of healthy aging adults who were participating in a larger
ongoing neuroimaging study that began in May 2014. This population-based study accrued
participants from the greater Omaha, Nebraska, metropolitan area. One hundred sixty healthy adults
were contacted for the MRI component, 82 of whom participated in both DNAm and MRI study
components. Data analysis was performed from March to June 2019.

MAIN OUTCOMES AND MEASURES Vertexwise cortical thickness, DNAm-based biological age, and
biological age acceleration compared with chronological age were measured. A pair of multivariable
regression models were computed in which cortical thickness was regressed on DNAm-based
biological age, controlling for sex in the first model and also controlling for chronological age in the
second model.

RESULTS Seventy-nine adult participants (38 women; mean [SD] age, 43.82 [14.50] years; age
range, 22-72 years) were included in all final analyses. Advancing biological age was correlated with
cortical thinning across frontal, superior temporal, inferior parietal, and medial occipital regions. In
addition, biological age acceleration relative to chronological age was associated with cortical
thinning in orbitofrontal, superior and inferior temporal, somatosensory, parahippocampal, and
fusiform regions. Specifically, for every 1 year of biological age acceleration, cortical thickness would
be expected to decrease by 0.024 mm (95% CI, −0.04 to −0.01 mm) in the left orbitofrontal cortex
(partial r, −0.34; P = .002), 0.014 mm (95% CI, −0.02 to −0.01 mm) in the left superior temporal
gyrus (partial r, −0.36; P = .001), 0.015 mm (95% CI, −0.02 to −0.01 mm) in the left fusiform gyrus
(partial r, −0.38; P = .001), 0.015 mm (95% CI, −0.02 to −0.01 mm) in the right fusiform gyrus (partial
r, −0.43; P < .001), 0.019 mm (95% CI, −0.03 to −0.01 mm) in the right inferior temporal sulcus
(partial r, −0.34; P = .002), and 0.011 mm (95% CI, −0.02 to −0.01 mm) in the right primary
somatosensory cortex (partial r, −0.37; P = .001).

CONCLUSIONS AND RELEVANCE To our knowledge, this is the first study to investigate vertexwise
cortical thickness in relation to DNAm-based biological age, and the findings suggest that this metric
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Abstract (continued)

of biological age may yield additional insight on healthy and pathological cortical aging compared
with standard measures of chronological age alone.
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Introduction

It is well established that advancing age is accompanied by changes in brain morphological features,
and among these changes are age-related reductions in cortical thickness. In healthy adults,
age-related thinning is observed across the majority of the cortex but is generally more robust in
bilateral frontal cortices, superior temporal regions, and supramarginal gyri.1-3 Despite these
overarching patterns, substantial variability exists among individuals, with some older adults
demonstrating preserved cortical structure, whereas others are characterized by accentuated
cortical thinning.2 Indeed, such individual variability suggests that chronological age is an imperfect
indicator of the rate of neurostructural decline and highlights the importance of identifying
biomarkers that can reliably estimate healthy and pathological brain aging. Epigenetic markers of
aging may prove fruitful in this regard.

Recently, one epigenetic marker that has gained traction is DNA methylation (DNAm), in which
the presence of methylated cytosine at cytosine-phosphate-guanine (CpG) sites is evaluated.4

Previous research has demonstrated that DNAm levels change with age.4 In fact, the methylation
levels at certain CpG sites in the genome are so tightly associated with age that they have been used
to estimate chronological age with a high degree of accuracy.5,6 These sets of CpGs are often referred
to as epigenetic clocks, and arguably the 2 most widely used clocks are those of Hannum et al,5 which
is based on the methylation levels of 71 CpGs, and Horvath,6 which incorporates 353 CpG sites. The
age estimate that these clocks produce is frequently called epigenetic age or DNAm age.7 Because
DNAm is thought to index biological age, discrepancies between methylation-based age and
chronological age are indicative of accelerated or decelerated biological aging, and such measures of
relative biological age acceleration are highly heritable.6 Importantly, relative biological age
acceleration has been associated with various health conditions, including Alzheimer disease,8

Parkinson disease,9 Huntington disease,10 Down syndrome,11 and HIV,12 and is associated with
cancer,13-15 cardiovascular disease,15 and all-cause mortality.15-17

Although the aforementioned research reinforces the exciting possibility that DNAm age and
relative biological age acceleration provide superior utility to estimate disease and respective risk
compared with chronological age alone, only a handful of studies have begun to characterize the
association of relative biological age acceleration with brain-based morphological characteristics.
Specifically, relative biological age acceleration has been associated with decreased global white
matter integrity18 and increased white matter hyperintensity burden and severity19 in healthy adults.
Relative biological age acceleration has been associated with degraded neural integrity in the genu
of the corpus callosum in veterans, most of whom were diagnosed with posttraumatic stress
disorder,20 and has been positively associated with fractional anisotropy and negatively associated
with mean diffusivity in a sample of adults, half of whom presented with mild cognitive impairment.21

Finally, in a sample of adolescent girls, relative biological age acceleration was negatively associated
with left hippocampal volume.22 These findings suggest that relative biological age acceleration may
indeed be a viable biomarker of brain aging. However, much remains to be determined, and whether
relative biological age acceleration is associated with cortical volumetrics is currently unknown.
Because evidence suggests that cortical thickness is more sensitive to age-related effects than gray
matter volume23 and that abnormal patterns of cortical thinning are observed in age-related
pathological processes (eg, Alzheimer disease),2,24 characterizing the association of relative
biological age acceleration with cortical thickness may lead to new discoveries, as well as a more
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accurate method of estimating deleterious changes in cortical morphological features and the risk of
associated age-related diseases.

The present study takes the first step toward actualizing this goal. Here, we used 2 established
measures of DNAm-based biological age and surface-based morphometry to investigate the
association of biological age acceleration with cortical thickness in healthy adults. We hypothesized
that, similar to chronological age, DNAm age would be negatively associated with cortical thickness
in bilateral frontal, superior temporal, and inferior parietal cortices. We also posited that biological
age acceleration would be uniquely associated with cortical thinning, beyond the effects of
chronological age.

Methods

Subject Selection
After providing a complete description of the study, written informed consent was obtained from
participants following the guidelines of the University of Nebraska Medical Center’s institutional
review board, which approved the study protocol. This cross-sectional study follows the
Strengthening the Reporting of Observational Studies in Epidemiology (STROBE) reporting guideline.

We recruited 82 healthy adults (40 women; mean [SD] age, 44.21 [14.88] years; age range,
22-72 years) from the local community to be part of a larger neuroimaging study conducted from May
2014 onward. The data reported here were collected between May 2014 and September 2017.
Exclusion criteria included any medical illness affecting central nervous system function, neurological
or psychiatric disorder, history of head trauma, cognitive impairment, current substance abuse, and
ferromagnetic implants.

Blood Sampling and Methylation Analysis
Whole-blood samples were obtained from each participant as closely as possible to their magnetic
resonance imaging (MRI) scan date. All analyses involving DNAm metrics were run both with and
without including the difference between these 2 time points as a covariate of no interest.
Importantly, the results were virtually identical, and all statistically significant findings held,
irrespective of whether this covariate was included or excluded in the models. Thus, the results
reported here are from the models in which the number of days between the blood sampling and the
MRI scan was not included as a covariate. The DNA sample collection, methylation analysis, and
DNAm age estimation closely followed the pipeline established in earlier work.12 Briefly, DNA was
purified from whole-blood samples using EDTA collection tubes (Vacutainer; BD) and blood and
tissue extraction kits (DNeasy; Qiagen). Methylation analysis was performed using Infinium
HumanMethylation450 BeadChip Kits (Illumina). After hybridization, BeadChips were scanned using
the Illumina HiScan System. All data were processed through the Minfi R processing pipeline.25

Methylome data were downloaded from Hannum et al5 and EPIC26 (Gene Expression Omnibus,
GSE40279 and GSE51032) and were processed alongside the methylation data generated from our
sample. Beta values were extracted and quantile normalized using Minfi, cell counts were estimated
using estimate Cell Composition, and the resulting normalized beta values were adjusted for cell
types.12,27 All data were then normalized using a modified BMIQ procedure provided by Horvath.6

The reference standard was set to the median beta observed in the study by Hannum et al.5

The consensus model of DNAm age was used for all analyses, which amalgamates the
estimation methods of both Hannum et al5 and Horvath.6 Consensus DNAm age has previously been
found to harbor superior estimating capacity compared with either model in isolation.12 Following
convention,12,19 the residuals from regressing DNAm age on chronological age at the time of blood
collection were used to quantify biological age acceleration relative to chronological age. Calculation
of relative biological age acceleration revealed 2 outliers who had values that were beyond 3 SD away
from the mean and were excluded from subsequent analyses.
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Structural MRI Acquisition and Processing
All participants underwent high-resolution, T1-weighted MRI on a 3-T scanner (Achieve X-series;
Philips Healthcare) using an 8-channel head coil and a 3D fast-field echo sequence (repetition time,
8.09 ms; echo time, 3.7 ms; field of view, 240 mm; slice thickness, 1.0 mm with no gap; in-plane
resolution, 1.0 × 1.0 mm). The structural MRI data were processed using the standard pipeline in the
CAT12 toolbox version 12.6 (Jena University Hospital) at a resolution of 1 mm3 within SPM software
version 12 (Wellcome Trust Centre for Neuroimaging) using MATLAB statistical software version
2017b (MathWorks). The surface-based morphometry pipeline in CAT12 is fully automated and uses
a projection-based thickness approach to estimate cortical thickness and reconstruct the central
surface in 1 step.28 Essentially, after tissue segmentation,29 the white matter distance is estimated,
and the local maxima (which is equal to the cortical thickness) are projected onto other gray matter
voxels using a neighboring relationship described by the white matter distance. Projection-based
thickness accounts for partial volume correction, sulcal blurring, and sulcal asymmetries without
sulcus reconstruction. To rectify topological defects, a correction based on spherical harmonics was
used,30 and the cortical surface mesh was reparameterized into a common coordinate system via an
algorithm that reduces area distortion.31 Finally, the resulting maps were resampled and smoothed
using a 15-mm, full-width, half-maximum gaussian kernel.

For quality assurance, a 2-step process was adopted. First, before segmentation, data were
visually inspected for artifacts, and 1 scan was excluded from subsequent statistical analyses because
of excessive motion-related artifacts in the T1-weighted data. Second, the quality control measures
incorporated in the CAT12 processing pipeline were used to identify the most deviant data after
segmentation. These data were inspected further for the presence of newly introduced artifacts.

Statistical Analyses
To examine the association of biological age metrics with cortical thickness, we used the general
linear model offered in CAT12 and SPM12 to perform vertexwise analyses. Specifically, to investigate
the association of biological age with cortical thickness, we regressed the cortical thickness data on
DNAm age and included sex as a covariate of no interest. To characterize the association of relative
biological age acceleration with cortical thickness, cortical thickness was regressed on DNAm age,
with sex and chronological age at the time of blood sampling included as covariates of no interest. All
output statistical maps were displayed as a function of α level, thresholded at 2-sided P < .01, and
adjusted for multiple comparisons using a spatial extent threshold (ie, cluster restriction) based on
the theory of gaussian random fields.32,33 The cluster extent thresholds applied were empirically
determined for each statistical test, and the final results were corrected for nonisotropic
smoothness. Of note, we also conducted nonparametric permutation testing using threshold-free
cluster enhancement34 with the number of permutations set at 5000. These statistical parametric
maps were thresholded at 2-sided P < .05, and all of our results survived this additional control for
type I error. Data analysis was performed from March to June 2019.

Results

Association of DNAm Age With Chronological Age
Seventy-nine adult participants (38 women) spanning a wide chronological age range (mean [SD]
age, 43.82 [14.50] years; age range 22-72 years) were included in all final analyses. DNAm age was
significantly associated with chronological age (mean [SE] b, 0.96 [0.04]; 95 CI, 0.89-1.03; β = 0.95;
t77 = 26.45; R2 = 0.90; adjusted R2 = 0.90; P < .001) (Figure 1). The residuals from regressing DNAm
age on chronological age were used as a measure of biological age acceleration (ie, relative biological
age acceleration), and ranged from −9.76 to 11.86 years (mean [SD], 0.0 [4.49] years; median, 0.03
years; interquartile range, −2.64 to 2.77 years). Because previous research has demonstrated
differences in relative biological age acceleration between male and female individuals,5,7,35 we
probed whether such sex differences replicated in our sample. Women typically had younger
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biological age relative to chronological age (mean [SD], −0.92 [4.50] years; median, −1.32 years;
interquartile range, −4.06 to 2.10 years), whereas men generally had older biological age relative to
chronological age (mean [SD], 0.85 [4.37] years; median, 0.60 years; interquartile range, −1.85 to
3.67 years), but the difference was not significant (t77 = 1.78; P = .08) (Figure 1).

Association of DNAm Age With Cortical Thickness
To examine the associations of cortical thickness with chronological and biological age, vertexwise
cortical thickness was regressed on chronological or biological age, respectively, while controlling for
sex. Both analyses yielded a very similar pattern of results. Significant negative associations were
observed between each age metric (ie, chronological age and DNAm age) and cortical thickness
across widespread frontal regions and superior temporal, primary motor, primary somatosensory,
inferior parietal, and medial occipital cortices (Figure 2). That is, as chronological age or biological age
increased, cortical thickness within these regions decreased, and these associations were significant
in bilateral superior temporal, inferior parietal, primary somatosensory, primary motor, and
supplementary motor cortices. Additionally, chronological and biological age were both significantly
and negatively associated with global cortical thickness (see eAppendix and eTable 1 in the
Supplement).

Association of DNAm Age Acceleration With Cortical Thickness
To determine whether biological age was uniquely associated with cortical thickness, above and
beyond the effect of chronological age, vertexwise cortical thickness was regressed on DNAm age
while controlling for chronological age and sex. In other words, this model tested whether biological
age acceleration relative to chronological age was associated with cortical thickness. The results
indicated significant and negative correlations between relative biological age acceleration and the
cortical thickness of the left orbitofrontal cortex, posterior superior temporal gyrus, and left
parahippocampal gyrus extending into the fusiform gyrus, as well as the right inferior temporal
sulcus, primary somatosensory cortex, and fusiform gyrus (Figure 3). That is, persons with greater
biological age acceleration (ie, older biological relative to chronological age) had more pronounced
cortical thinning within these brain regions. Specifically, for every 1 year of biological age acceleration,
cortical thickness would be expected to decrease by 0.024 mm (95% CI, −0.04 to −0.01 mm) in the
left orbitofrontal cortex (partial r, −0.34; P = .002), 0.014 mm (95% CI, −0.02 to −0.01 mm) in the
left superior temporal gyrus (partial r, −0.36; P = .001), 0.015 mm (95% CI, −0.02 to −0.01 mm) in
the left fusiform gyrus (partial r, −0.38; P = .001), 0.015 mm (95% CI, −0.02 to −0.01 mm) in the right
fusiform gyrus (partial r, −0.43; P < .001), 0.019 mm (95% CI, −0.03 to −0.01 mm) in the right inferior
temporal sulcus (partial r, −0.34; P = .002), and 0.011 mm (95% CI, −0.02 to −0.01 mm) in the right

Figure 1. Association of DNA Methylation (DNAm) Age and Chronological Age
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primary somatosensory cortex (partial r, −0.37; P = .001) (Figure 4 and Table; see eTable 2 in the
Supplement for overall model statistics). As mentioned in the Methods section, we also applied
threshold-free cluster enhancement to correct for multiple comparisons; these results were very
similar and are included in the eFigure in the Supplement. Finally, in a follow-up analysis, we observed
that individuals who had thinner cortex in 1 region had thinner cortex in each other region (see
eAppendix and eTable 3 in the Supplement).

Figure 2. Association of Chronological Age and DNA Methylation (DNAm) Age With Cortical Thickness
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Discussion

In this study, we used surface-based morphometry and blood-based DNAm to characterize the
association of biological age acceleration with cortical thickness in a large sample of healthy
individuals whose age range extended across most of the adult human life span. Similar to advancing
chronological age, advancing biological age was associated with widespread cortical thinning in
frontal, superior temporal, inferior parietal, and medial occipital regions. In addition, greater
biological age acceleration (ie, older biological relative to chronological age) was associated with
accentuated thinning within the prefrontal, superior temporal, inferior temporal, somatosensory,
parahippocampal, and fusiform cortices.

The pattern of cortical thinning associated with advancing biological age closely paralleled that
of chronological age advancement and aligned with the results of prior studies1,3,23,36 that
investigated the association of chronological age with cortical thickness. Because DNAm epigenetic
clocks were designed to be robust estimators of chronological age5,6 and given that the biological age
estimates computed in the present study demonstrated this association, the highly overlapping
patterns of chronological and biological aging associations with cortical thickness were to be
expected. Essentially, the present findings provide evidence that DNAm age captured what it should
(ie, the age associations with cortical thickness that have been consistently demonstrated in the
literature).

What is arguably more exciting is that DNAm age captured additional associations with cortical
thickness, above and beyond those identified when using chronological age in isolation. These
unique associations with biological age acceleration were observed in cortical regions that have been
implicated in sensory and cognitive processes susceptible to age-related decline. For example, the
fusiform and ventral temporal cortices are constituents of the ventral visual processing stream (ie,
the what pathway) and have been associated with object and face recognition.37,38 Age-related
deficits in facial recognition and, more broadly, visual perception and processing speed are well
documented within the literature.39,40 Given the association observed here between accelerated
biological age and thinning within regions of the ventral visual stream, investigating the associations
between these variables and behavioral indices of visual perception should be the target of future

Figure 3. Association of DNA Methylation (DNAm) Age Acceleration or Deceleration With Cortical Thickness
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research. In a similar fashion, the parahippocampal cortex is robustly implicated in spatial
navigation41; the left posterior superior temporal cortex is integral to language processes, including
the storage and retrieval of phonological information42; the orbitofrontal cortex is closely tied to
reward processing, emotion, and decision-making43,44; and the primary somatosensory cortex
underlies tactile sensation and spatial acuity,45 all of which are constructs that are known to be
susceptible to age-related change.46-55 Taken together, these findings present promising areas for
further functional investigations in future studies.

Figure 4. Associations of DNA Methylation (DNAm) Age Acceleration With Cortical Thickness
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Scatterplots show the associations of biological age acceleration and deceleration with cortical thickness for each neural region in which associations were observed (shown in
Figure 3).

Table. Hierarchical Multiple Regression Results for Cortical Thickness on Relative Biological Age Acceleration or Deceleration While Controlling for Sexa

Region b (SE) [95% CI], mm t3,75 P value β F change R2 change f2 Partial r
Left

Orbitofrontal cortex −0.024 (0.008) [−0.04 to −0.01] −3.15 .002 −1.10 9.94 0.12 0.13 −0.34

Superior temporal gyrus −0.014 (0.004) [−0.02 to −0.01] −3.39 .001 −1.08 11.47 0.11 0.15 −0.36

Fusiform gyrus −0.015 (0.004) [−0.02 to −0.01] −3.55 .001 −1.10 12.60 0.12 0.17 −0.38

Right

Inferior temporal sulcus −0.019 (0.006) [−0.03 to −0.01] −3.17 .002 −1.10 10.03 0.12 0.13 −0.34

Primary somatosensory
cortex

−0.011 (0.003) [−0.02 to −0.01] −3.40 .001 −0.99 11.58 0.09 0.15 −0.37

Fusiform gyrus −0.015 (0.004) [−0.02 to −0.01] −4.09 <.001 −1.32 16.69 0.17 0.22 −0.43

Abbreviations: b, unstandardized regression coefficient; β, standardized regression coefficient; f2, Cohen local effect size.
a Data are shown for 79 patients.
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Limitations
It is important to recognize limitations of the present study. First, DNAm was evaluated in peripheral
blood, rather than the organ of interest (ie, brain), and age-related differences in DNAm have been
shown across some tissue types.56,57 Thus, DNAm age estimates derived from cortical tissue may
prove to be more accurate factors associated with change in cortical morphological features.
However, remarkable consistency regarding age effects on DNAm levels has been demonstrated
across various cell and tissue types, with some of the greatest consonance observed between blood
and brain tissue.6,58 Because collection of neural tissue samples from living humans is not feasible,
our results in amalgamation with these prior findings suggest that DNAm in blood is an accessible and
viable biomarker of brain aging. A second limitation was the cross-sectional design of the present
study. As such, our results specifically capture associations with age, rather than aging. In addition,
evidence suggests that a cross-sectional approach may underestimate age-related effects on brain
morphological features compared with a longitudinal approach. Thus, adopting a longitudinal design
in future research is an important consideration.

Conclusions

To our knowledge, the present study is the first to investigate the association of DNAm-based
biological age with vertexwise cortical thickness. The data indicate that biological age not only
captures the expected age-related associations with cortical thickness, but uniquely highlights
additional changes in cortical morphological features. As such, DNAm age and biological age
acceleration may indeed provide greater insight on healthy and pathological cortical aging, compared
with chronological age alone. On a broader scale, our data also align with the growing literature that
supports the use of DNAm as a viable biomarker of aging. In addition to eliminating some of the
variability seen with chronologically based age metrics, using a more precise measure of biological
age could aid in the early detection of disorders, possibly before clinical symptoms manifest, as well
as in elucidating risk factors (eg, obesity) for various health conditions. This is a particularly exciting
prospect, as evidence suggests that epigenetic changes are reversible,7 which further motivates
investigation into the use of DNAm age in the assessment of well-being. Finally, although adult aging
was the focus of the current investigation, DNAm age may also illuminate developmental trajectories
more precisely, because it is likely to capture puberty onset more accurately than chronological age.

ARTICLE INFORMATION
Accepted for Publication: May 31, 2020.

Published: September 14, 2020. doi:10.1001/jamanetworkopen.2020.15428

Open Access: This is an open access article distributed under the terms of the CC-BY License. © 2020 Proskovec
AL et al. JAMA Network Open.

Corresponding Author: Tony W. Wilson, PhD, Department of Neurological Sciences, University of Nebraska
Medical Center, 988440 Nebraska Medical Center, Omaha, NE 68198 (tony.w.wilson@gmail.com).

Author Affiliations: Center for Magnetoencephalography, University of Nebraska Medical Center, Omaha
(Proskovec, Rezich, Wilson); Department of Neurological Sciences, University of Nebraska Medical Center, Omaha
(Proskovec, Rezich, Morsey, Fox, Wilson); Department of Psychology, University of Nebraska Omaha, Omaha
(Proskovec, Wilson); Magnetoencephalography Center of Excellence, University of Texas Southwestern Medical
Center, Dallas (Proskovec); Department of Internal Medicine, Division of Infectious Diseases, University of
Nebraska Medical Center, Omaha (O’Neill, Swindells); Department of Medicine, University of California San Diego,
La Jolla (Wang, Ideker); Cognitive Neuroscience of Development & Aging Center, University of Nebraska Medical
Center, Omaha (Wilson).

Author Contributions: Drs Proskovec and Wilson had full access to all of the data in the study and take
responsibility for the integrity of the data and the accuracy of the data analysis. Drs Fox and Wilson contributed
equally to this work.

JAMA Network Open | Neuroimaging Association of Epigenetic Metrics of Biological Age With Cortical Thickness

JAMA Network Open. 2020;3(9):e2015428. doi:10.1001/jamanetworkopen.2020.15428 (Reprinted) September 14, 2020 9/13

Downloaded From: https://jamanetwork.com/ on 10/08/2020

https://jama.jamanetwork.com/article.aspx?doi=10.1001/jamanetworkopen.2020.15428&utm_campaign=articlePDF%26utm_medium=articlePDFlink%26utm_source=articlePDF%26utm_content=jamanetworkopen.2020.15428
https://jamanetwork.com/journals/jamanetworkopen/pages/instructions-for-authors#SecOpenAccess/?utm_campaign=articlePDF%26utm_medium=articlePDFlink%26utm_source=articlePDF%26utm_content=jamanetworkopen.2020.15428
mailto:tony.w.wilson@gmail.com


Concept and design: Proskovec, Ideker, Swindells, Fox, Wilson.

Acquisition, analysis, or interpretation of data: Proskovec, Rezich, O’Neill, Morsey, Wang, Swindells, Fox, Wilson.

Drafting of the manuscript: Proskovec, Rezich, Wilson.

Critical revision of the manuscript for important intellectual content: Proskovec, O’Neill, Morsey, Wang, Ideker,
Swindells, Fox, Wilson.

Statistical analysis: Proskovec, Morsey, Wang.

Obtained funding: Fox, Wilson.

Administrative, technical, or material support: Rezich, O’Neill, Morsey, Swindells, Fox, Wilson.

Supervision: Ideker, Fox, Wilson.

Conflict of Interest Disclosures: Dr Ideker reported being a cofounder of and holding an equity interest in
Data4Cure, Inc, and serving on its scientific advisory board, holding an equity interest and serving on the Scientific
Advisory Board of Ideaya BioSciences, Inc, and receiving income for sponsored research funding; the terms of
these arrangements have been reviewed and approved by the University of California San Diego in accordance
with its conflict of interest policies. Dr Swindells reported receiving grants from ViiVHealthcare outside the
submitted work. No other disclosures were reported.

Funding/Support: This work was supported by the National Institutes of Health (grants R01 MH103220, R01
MH103220-S2, R01 MH116782, R01 MH118013, and P20 GM130447 to Dr Wilson; and grant P30 MH062261 to Dr
Fox) and the National Science Foundation (grant 1539067 to Dr Wilson).

Role of the Funder/Sponsor: The funders had no role in the design and conduct of the study; collection,
management, analysis, and interpretation of the data; preparation, review, or approval of the manuscript; and
decision to submit the manuscript for publication.

REFERENCES
1. Fjell AM, Westlye LT, Amlien I, et al. High consistency of regional cortical thinning in aging across multiple
samples. Cereb Cortex. 2009;19(9):2001-2012. doi:10.1093/cercor/bhn232

2. Fjell AM, Walhovd KB. Structural brain changes in aging: courses, causes and cognitive consequences. Rev
Neurosci. 2010;21(3):187-221. doi:10.1515/REVNEURO.2010.21.3.187

3. Salat DH, Buckner RL, Snyder AZ, et al. Thinning of the cerebral cortex in aging. Cereb Cortex. 2004;14(7):
721-730. doi:10.1093/cercor/bhh032

4. Jones MJ, Goodman SJ, Kobor MS. DNA methylation and healthy human aging. Aging Cell. 2015;14(6):
924-932. doi:10.1111/acel.12349

5. Hannum G, Guinney J, Zhao L, et al. Genome-wide methylation profiles reveal quantitative views of human
aging rates. Mol Cell. 2013;49(2):359-367. doi:10.1016/j.molcel.2012.10.016

6. Horvath S. DNA methylation age of human tissues and cell types. Genome Biol. 2013;14(10):R115. doi:10.1186/
gb-2013-14-10-r115

7. Horvath S, Raj K. DNA methylation-based biomarkers and the epigenetic clock theory of ageing. Nat Rev Genet.
2018;19(6):371-384. doi:10.1038/s41576-018-0004-3

8. Levine ME, Lu AT, Bennett DA, Horvath S. Epigenetic age of the pre-frontal cortex is associated with neuritic
plaques, amyloid load, and Alzheimer’s disease related cognitive functioning. Aging (Albany NY). 2015;7(12):
1198-1211. doi:10.18632/aging.100864

9. Horvath S, Ritz BR. Increased epigenetic age and granulocyte counts in the blood of Parkinson’s disease
patients. Aging (Albany NY). 2015;7(12):1130-1142. doi:10.18632/aging.100859

10. Horvath S, Langfelder P, Kwak S, et al. Huntington’s disease accelerates epigenetic aging of human brain and
disrupts DNA methylation levels. Aging (Albany NY). 2016;8(7):1485-1512. doi:10.18632/aging.101005

11. Horvath S, Garagnani P, Bacalini MG, et al. Accelerated epigenetic aging in Down syndrome. Aging Cell. 2015;14
(3):491-495. doi:10.1111/acel.12325

12. Gross AM, Jaeger PA, Kreisberg JF, et al. Methylome-wide analysis of chronic HIV infection reveals five-year
increase in biological age and epigenetic targeting of HLA. Mol Cell. 2016;62(2):157-168. doi:10.1016/j.molcel.2016.
03.019

13. Ambatipudi S, Horvath S, Perrier F, et al. DNA methylome analysis identifies accelerated epigenetic ageing
associated with postmenopausal breast cancer susceptibility. Eur J Cancer. 2017;75:299-307. doi:10.1016/j.ejca.
2017.01.014

JAMA Network Open | Neuroimaging Association of Epigenetic Metrics of Biological Age With Cortical Thickness

JAMA Network Open. 2020;3(9):e2015428. doi:10.1001/jamanetworkopen.2020.15428 (Reprinted) September 14, 2020 10/13

Downloaded From: https://jamanetwork.com/ on 10/08/2020

https://dx.doi.org/10.1093/cercor/bhn232
https://dx.doi.org/10.1515/REVNEURO.2010.21.3.187
https://dx.doi.org/10.1093/cercor/bhh032
https://dx.doi.org/10.1111/acel.12349
https://dx.doi.org/10.1016/j.molcel.2012.10.016
https://dx.doi.org/10.1186/gb-2013-14-10-r115
https://dx.doi.org/10.1186/gb-2013-14-10-r115
https://dx.doi.org/10.1038/s41576-018-0004-3
https://dx.doi.org/10.18632/aging.100864
https://dx.doi.org/10.18632/aging.100859
https://dx.doi.org/10.18632/aging.101005
https://dx.doi.org/10.1111/acel.12325
https://dx.doi.org/10.1016/j.molcel.2016.03.019
https://dx.doi.org/10.1016/j.molcel.2016.03.019
https://dx.doi.org/10.1016/j.ejca.2017.01.014
https://dx.doi.org/10.1016/j.ejca.2017.01.014


14. Levine ME, Hosgood HD, Chen B, Absher D, Assimes T, Horvath S. DNA methylation age of blood predicts
future onset of lung cancer in the women’s health initiative. Aging (Albany NY). 2015;7(9):690-700. doi:10.18632/
aging.100809

15. Perna L, Zhang Y, Mons U, Holleczek B, Saum KU, Brenner H. Epigenetic age acceleration predicts cancer,
cardiovascular, and all-cause mortality in a German case cohort. Clin Epigenetics. 2016;8:64. doi:10.1186/s13148-
016-0228-z

16. Marioni RE, Shah S, McRae AF, et al. DNA methylation age of blood predicts all-cause mortality in later life.
Genome Biol. 2015;16(1):25. doi:10.1186/s13059-015-0584-6

17. Chen BH, Marioni RE, Colicino E, et al. DNA methylation-based measures of biological age: meta-analysis
predicting time to death. Aging (Albany NY). 2016;8(9):1844-1865. doi:10.18632/aging.101020

18. Hodgson K, Carless MA, Kulkarni H, et al. Epigenetic age acceleration assessed with human white-matter
images. J Neurosci. 2017;37(18):4735-4743. doi:10.1523/JNEUROSCI.0177-17.2017

19. Raina A, Zhao X, Grove ML, et al. Cerebral white matter hyperintensities on MRI and acceleration of epigenetic
aging: the atherosclerosis risk in communities study. Clin Epigenetics. 2017;9:21. doi:10.1186/s13148-016-0302-6

20. Wolf EJ, Logue MW, Hayes JP, et al. Accelerated DNA methylation age: associations with PTSD and neural
integrity. Psychoneuroendocrinology. 2016;63:155-162. doi:10.1016/j.psyneuen.2015.09.020

21. Chouliaras L, Pishva E, Haapakoski R, et al. Peripheral DNA methylation, cognitive decline and brain aging: pilot
findings from the Whitehall II imaging study. Epigenomics. 2018;10(5):585-595. doi:10.2217/epi-2017-0132

22. Davis EG, Humphreys KL, McEwen LM, et al. Accelerated DNA methylation age in adolescent girls: associations
with elevated diurnal cortisol and reduced hippocampal volume. Transl Psychiatry. 2017;7(8):e1223. doi:10.1038/
tp.2017.188

23. Hutton C, Draganski B, Ashburner J, Weiskopf N. A comparison between voxel-based cortical thickness and
voxel-based morphometry in normal aging. Neuroimage. 2009;48(2):371-380. doi:10.1016/j.neuroimage.2009.
06.043

24. Bakkour A, Morris JC, Wolk DA, Dickerson BC. The effects of aging and Alzheimer’s disease on cerebral cortical
anatomy: specificity and differential relationships with cognition. Neuroimage. 2013;76:332-344. doi:10.1016/j.
neuroimage.2013.02.059

25. Aryee MJ, Jaffe AE, Corrada-Bravo H, et al. Minfi: a flexible and comprehensive bioconductor package for the
analysis of Infinium DNA methylation microarrays. Bioinformatics. 2014;30(10):1363-1369. doi:10.1093/
bioinformatics/btu049

26. Riboli E, Hunt KJ, Slimani N, et al. European Prospective Investigation into Cancer and Nutrition (EPIC): study
populations and data collection. Public Health Nutr. 2002;5(6B):1113-1124. doi:10.1079/PHN2002394

27. Houseman EA, Accomando WP, Koestler DC, et al. DNA methylation arrays as surrogate measures of cell
mixture distribution. BMC Bioinformatics. 2012;13:86. doi:10.1186/1471-2105-13-86

28. Dahnke R, Yotter RA, Gaser C. Cortical thickness and central surface estimation. Neuroimage. 2013;65:
336-348. doi:10.1016/j.neuroimage.2012.09.050

29. Ashburner J, Friston KJ. Unified segmentation. Neuroimage. 2005;26(3):839-851. doi:10.1016/j.neuroimage.
2005.02.018

30. Yotter RA, Dahnke R, Thompson PM, Gaser C. Topological correction of brain surface meshes using spherical
harmonics. Hum Brain Mapp. 2011;32(7):1109-1124. doi:10.1002/hbm.21095

31. Yotter RA, Thompson PM, Gaser C. Algorithms to improve the reparameterization of spherical mappings of
brain surface meshes. J Neuroimaging. 2011;21(2):e134-e147. doi:10.1111/j.1552-6569.2010.00484.x

32. Poline JB, Worsley KJ, Holmes AP, Frackowiak RS, Friston KJ. Estimating smoothness in statistical parametric
maps: variability of p values. J Comput Assist Tomogr. 1995;19(5):788-796. doi:10.1097/00004728-
199509000-00017

33. Worsley KJ, Andermann M, Koulis T, MacDonald D, Evans AC. Detecting changes in nonisotropic images. Hum
Brain Mapp. 1999;8(2-3):98-101. doi:10.1002/(SICI)1097-0193(1999)8:2/3<98::AID-HBM5>3.0.CO;2-F

34. Smith SM, Nichols TE. Threshold-free cluster enhancement: addressing problems of smoothing, threshold
dependence and localisation in cluster inference. Neuroimage. 2009;44(1):83-98. doi:10.1016/j.neuroimage.
2008.03.061

35. Horvath S, Gurven M, Levine ME, et al. An epigenetic clock analysis of race/ethnicity, sex, and coronary heart
disease. Genome Biol. 2016;17(1):171. doi:10.1186/s13059-016-1030-0

JAMA Network Open | Neuroimaging Association of Epigenetic Metrics of Biological Age With Cortical Thickness

JAMA Network Open. 2020;3(9):e2015428. doi:10.1001/jamanetworkopen.2020.15428 (Reprinted) September 14, 2020 11/13

Downloaded From: https://jamanetwork.com/ on 10/08/2020

https://dx.doi.org/10.18632/aging.100809
https://dx.doi.org/10.18632/aging.100809
https://dx.doi.org/10.1186/s13148-016-0228-z
https://dx.doi.org/10.1186/s13148-016-0228-z
https://dx.doi.org/10.1186/s13059-015-0584-6
https://dx.doi.org/10.18632/aging.101020
https://dx.doi.org/10.1523/JNEUROSCI.0177-17.2017
https://dx.doi.org/10.1186/s13148-016-0302-6
https://dx.doi.org/10.1016/j.psyneuen.2015.09.020
https://dx.doi.org/10.2217/epi-2017-0132
https://dx.doi.org/10.1038/tp.2017.188
https://dx.doi.org/10.1038/tp.2017.188
https://dx.doi.org/10.1016/j.neuroimage.2009.06.043
https://dx.doi.org/10.1016/j.neuroimage.2009.06.043
https://dx.doi.org/10.1016/j.neuroimage.2013.02.059
https://dx.doi.org/10.1016/j.neuroimage.2013.02.059
https://dx.doi.org/10.1093/bioinformatics/btu049
https://dx.doi.org/10.1093/bioinformatics/btu049
https://dx.doi.org/10.1079/PHN2002394
https://dx.doi.org/10.1186/1471-2105-13-86
https://dx.doi.org/10.1016/j.neuroimage.2012.09.050
https://dx.doi.org/10.1016/j.neuroimage.2005.02.018
https://dx.doi.org/10.1016/j.neuroimage.2005.02.018
https://dx.doi.org/10.1002/hbm.21095
https://dx.doi.org/10.1111/j.1552-6569.2010.00484.x
https://dx.doi.org/10.1097/00004728-199509000-00017
https://dx.doi.org/10.1097/00004728-199509000-00017
https://dx.doi.org/10.1002/(SICI)1097-0193(1999)8:2/3%3C98::AID-HBM5%3E3.0.CO;2-F
https://dx.doi.org/10.1016/j.neuroimage.2008.03.061
https://dx.doi.org/10.1016/j.neuroimage.2008.03.061
https://dx.doi.org/10.1186/s13059-016-1030-0


36. Hogstrom LJ, Westlye LT, Walhovd KB, Fjell AM. The structure of the cerebral cortex across adult life:
age-related patterns of surface area, thickness, and gyrification. Cereb Cortex. 2013;23(11):2521-2530. doi:10.
1093/cercor/bhs231

37. Goodale MA, Milner AD. Separate visual pathways for perception and action. Trends Neurosci. 1992;15
(1):20-25. doi:10.1016/0166-2236(92)90344-8

38. Haxby JV, Gobbini MI, Furey ML, Ishai A, Schouten JL, Pietrini P. Distributed and overlapping representations
of faces and objects in ventral temporal cortex. Science. 2001;293(5539):2425-2430. doi:10.1126/science.
1063736

39. Boutet I, Taler V, Collin CA. On the particular vulnerability of face recognition to aging: a review of three
hypotheses. Front Psychol. 2015;6:1139. doi:10.3389/fpsyg.2015.01139

40. Owsley C. Aging and vision. Vision Res. 2011;51(13):1610-1622. doi:10.1016/j.visres.2010.10.020

41. Cona G, Scarpazza C. Where is the “where” in the brain? a meta-analysis of neuroimaging studies on spatial
cognition. Hum Brain Mapp. 2019;40(6):1867-1886. doi:10.1002/hbm.24496

42. Proskovec AL, Heinrichs-Graham E, Wilson TW. Aging modulates the oscillatory dynamics underlying
successful working memory encoding and maintenance. Hum Brain Mapp. 2016;37(6):2348-2361. doi:10.1002/
hbm.23178

43. Rolls ET, Grabenhorst F. The orbitofrontal cortex and beyond: from affect to decision-making. Prog Neurobiol.
2008;86(3):216-244. doi:10.1016/j.pneurobio.2008.09.001

44. Bechara A, Damasio H, Damasio AR. Emotion, decision making and the orbitofrontal cortex. Cereb Cortex.
2000;10(3):295-307. doi:10.1093/cercor/10.3.295

45. Kalisch T, Ragert P, Schwenkreis P, Dinse HR, Tegenthoff M. Impaired tactile acuity in old age is accompanied
by enlarged hand representations in somatosensory cortex. Cereb Cortex. 2009;19(7):1530-1538. doi:10.1093/
cercor/bhn190

46. Thornbury JM, Mistretta CM. Tactile sensitivity as a function of age. J Gerontol. 1981;36(1):34-39. doi:10.1093/
geronj/36.1.34

47. Stevens JC. Aging and spatial acuity of touch. J Gerontol. 1992;47(1):35-40. doi:10.1093/geronj/47.1.P35

48. Tremblay F, Wong K, Sanderson R, Coté L. Tactile spatial acuity in elderly persons: assessment with grating
domes and relationship with manual dexterity. Somatosens Mot Res. 2003;20(2):127-132. doi:10.1080/
0899022031000105154

49. Moffat SD. Aging and spatial navigation: what do we know and where do we go? Neuropsychol Rev. 2009;19
(4):478-489. doi:10.1007/s11065-009-9120-3

50. Laurienti PJ, Burdette JH, Maldjian JA, Wallace MT. Enhanced multisensory integration in older adults.
Neurobiol Aging. 2006;27(8):1155-1163. doi:10.1016/j.neurobiolaging.2005.05.024

51. Kemp J, Després O, Sellal F, Dufour A. Theory of mind in normal ageing and neurodegenerative pathologies.
Ageing Res Rev. 2012;11(2):199-219. doi:10.1016/j.arr.2011.12.001

52. Arioli M, Crespi C, Canessa N. Social cognition through the lens of cognitive and clinical neuroscience. Biomed
Res Int. 2018;2018:4283427. doi:10.1155/2018/4283427

53. Denburg NL, Cole CA, Hernandez M, et al. The orbitofrontal cortex, real-world decision making, and normal
aging. Ann N Y Acad Sci. 2007;1121:480-498. doi:10.1196/annals.1401.031

54. Marschner A, Mell T, Wartenburger I, Villringer A, Reischies FM, Heekeren HR. Reward-based decision-making
and aging. Brain Res Bull. 2005;67(5):382-390. doi:10.1016/j.brainresbull.2005.06.010

55. Hedden T, Gabrieli JD. Insights into the ageing mind: a view from cognitive neuroscience. Nat Rev Neurosci.
2004;5(2):87-96. doi:10.1038/nrn1323

56. Thompson RF, Atzmon G, Gheorghe C, et al. Tissue-specific dysregulation of DNA methylation in aging. Aging
Cell. 2010;9(4):506-518. doi:10.1111/j.1474-9726.2010.00577.x

57. Christensen BC, Houseman EA, Marsit CJ, et al. Aging and environmental exposures alter tissue-specific DNA
methylation dependent upon CpG island context. PLoS Genet. 2009;5(8):e1000602. doi:10.1371/journal.pgen.
1000602

58. Horvath S, Zhang Y, Langfelder P, et al. Aging effects on DNA methylation modules in human brain and blood
tissue. Genome Biol. 2012;13(10):R97. doi:10.1186/gb-2012-13-10-r97

SUPPLEMENT.
eAppendix. Follow-up Analyses

JAMA Network Open | Neuroimaging Association of Epigenetic Metrics of Biological Age With Cortical Thickness

JAMA Network Open. 2020;3(9):e2015428. doi:10.1001/jamanetworkopen.2020.15428 (Reprinted) September 14, 2020 12/13

Downloaded From: https://jamanetwork.com/ on 10/08/2020

https://dx.doi.org/10.1093/cercor/bhs231
https://dx.doi.org/10.1093/cercor/bhs231
https://dx.doi.org/10.1016/0166-2236(92)90344-8
https://dx.doi.org/10.1126/science.1063736
https://dx.doi.org/10.1126/science.1063736
https://dx.doi.org/10.3389/fpsyg.2015.01139
https://dx.doi.org/10.1016/j.visres.2010.10.020
https://dx.doi.org/10.1002/hbm.24496
https://dx.doi.org/10.1002/hbm.23178
https://dx.doi.org/10.1002/hbm.23178
https://dx.doi.org/10.1016/j.pneurobio.2008.09.001
https://dx.doi.org/10.1093/cercor/10.3.295
https://dx.doi.org/10.1093/cercor/bhn190
https://dx.doi.org/10.1093/cercor/bhn190
https://dx.doi.org/10.1093/geronj/36.1.34
https://dx.doi.org/10.1093/geronj/36.1.34
https://dx.doi.org/10.1093/geronj/47.1.P35
https://dx.doi.org/10.1080/0899022031000105154
https://dx.doi.org/10.1080/0899022031000105154
https://dx.doi.org/10.1007/s11065-009-9120-3
https://dx.doi.org/10.1016/j.neurobiolaging.2005.05.024
https://dx.doi.org/10.1016/j.arr.2011.12.001
https://dx.doi.org/10.1155/2018/4283427
https://dx.doi.org/10.1196/annals.1401.031
https://dx.doi.org/10.1016/j.brainresbull.2005.06.010
https://dx.doi.org/10.1038/nrn1323
https://dx.doi.org/10.1111/j.1474-9726.2010.00577.x
https://dx.doi.org/10.1371/journal.pgen.1000602
https://dx.doi.org/10.1371/journal.pgen.1000602
https://dx.doi.org/10.1186/gb-2012-13-10-r97


eTable 1. Hierarchical Multiple Regression Results for Global Cortical Thickness on Chronological Age, DNAm Age,
and DNAm Age Acceleration/Deceleration While Controlling for Sex
eTable 2. Overall Model Summary for the Hierarchical Multiple Regression of Cortical Thickness on DNAm Age
Acceleration/Deceleration While Controlling for Sex
eFigure. Relationship Between DNAm Age Acceleration/Deceleration and Cortical Thickness When Using
Threshold-Free Cluster Enhancement to Correct for Multiple Comparisons
eTable 3. Pearson Correlation Coefficients Between the Cortical Thickness of Each Neural Region in Which DNAm
Age Acceleration/Deceleration Associations Were Observed

JAMA Network Open | Neuroimaging Association of Epigenetic Metrics of Biological Age With Cortical Thickness

JAMA Network Open. 2020;3(9):e2015428. doi:10.1001/jamanetworkopen.2020.15428 (Reprinted) September 14, 2020 13/13

Downloaded From: https://jamanetwork.com/ on 10/08/2020


